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Abstract:

This research paper focuses on analysis of Image of Data from Remote Sensing
which integrate Spatial, Temporal and Spectral Features of the objects in the field
of Satellite image processing. We used remote sensed data in multi spectral form to
detect spectral signature related to several objects in several regions used in land
cover classification, change in land use with respect to time and using temporal
analysis for analysis the effect of climate upon the surface. Few band combinations
of data from remote sensing are very useful in classification for land cover. Land
cover types having spatial distributions like; agriculture land, urban area and water
resource are easy to interpret.Method used to derive agriculture variables from
different data through remote sensing to extract quantitative parameters using
several multispectral sensors in remote sensing, issues related to inter-calibration in
different methods are to be considered for the assurance of comparability. Some
features affects vegetation indices like; atmospheric conditions, sensor geometry,
radiometric or spatial resolution and topography.Factors involved in this research
are spectral characteristics related to different sensors viz- bandwidth, centre
wavelengths, and band position, and may be described by relative spectral response
functions. Vegetation Indes (VI) and Weighted Difference Vegetation Indes
(WDVI) in between several sensor pairs using regression are based on multispectral
sensors in simulated form. The method which combines the information in multi-
spectral form with calculation was not able to provide good results and was beaten
by use of single sensor, in the case of multispectral information. The results of
remote sensing and statistical data are used for estimation of input parameters for
application in agriculture. Input parameter for agriculture extracted from the data of
remote sensing is main advantage in this technique as a large area of spatial
overview is taken.Next challenge was for integration of the agriculture variables
extracted from data in multispectral form into model for agriculture growth for
increase the accuracy of estimation for final yield. At present the linking for our
benefit between these two techniques is limited for classification of land use using
remote sensing to adopt the appropriate model and agriculture growth
guantification as well as development curves with the use of biophysical parameters
extracted from images from remote sensing for calibration of models. Hence
variables of remote sensing are integrated with agriculture growth are modeled for
improving the accuracy of estimation of final yield as compared to parameter
setting as automatic input for obtaining optimized yield.Hence data of remote
sensing integration with model of agriculture growth facilitates the spatial
application in prediction at best scale for agriculture production. Above approach is
best one with any other evaluated method of yield estimation using direct multi
sensors. This research has proved the retrieval of biophysical parameters from the
data of remote sensing and used to prepare model for agriculture growth, for
improved estimation of final yield for sustainable agricultural production for
developed as well as developing countries.

Keywords: Remote sensing, Satellite, Data Analysis.
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I INTRODUCTION

At present, asset’s auspicious data is assumed as
critical part in the world. Reasonable arrangement
and dealing related to assets has a high scope. The
effect of fast urbanization and urban collapse is
significant upon provinces of urban biological
system. Changes and spreading in the areas of
utilizing are moderately associated with several
features for wellbeing of mankind and their welfare
which includes sustenance creation, biodiversity and
sickness related issues. One of the big threats for
sustainability in developing countries like India is
fast development of concrete jungles in haphazard
manners. So exact and renovated for the
organization of urban area requires the creation of
methods, effective arrangements and administration
for the district’s assets developments for increasing
the employments in urban areas. Regarding this,
satellites prove a key for providing the cost effective
and convenient data related to the assets of an area.
Due to enhanced nature and simple accessibility of
multi-transient and multi-spatial remote sensed data
with the use of new techniques, it is now advised for
screening of urban area, land use change and urban
expansion in appropriate and cost effective manner.

An important part in this research is the deep
examination using Integrating Temporal, Spatial and
Spectral Features of Objects from the Remote
Sensed Data received from National Remote Sensing
Agency, Space Department, Government of India.
Multi-spectral remote sensed information is used for
locating marks related to several objects of districts
in an area, time change the utilization of the area,
and performing global investigation for removing
the atmospheric effects upon the surface.

For efficient management of agriculture work, the
associated information in efficient way will be
required, hence satellites proves to be the trusted and
best assets for providing information in convenient
manner. Information from multispectral satellite
enables us for investigation different parameters
like- concrete structures, vegetation etc, which
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cannot extracted in visible band. Information from
Satellites has great perspective related to the surface
which is otherwise impossible. These results from
satellite may be applied for justified arrangement
and administration. Information from Satellite is
specially practical. In the case if ground observations
are to be carried out then cost of observation
becomes very huge.

Prime object in this research work is for upgrading
the patterns of land use in reasonable manner as well
as monetarily for urban improvement. Above
analysis may be used in following applications:

=

Unauthorized development monitoring of the
colonies.

Deforestation.

Agricultural management and planning.

Planning of water resource.

Infrastructure planning.

arwd

In our country, multi-spectral and satellites having
very high resolution is not the story of very far
future, which will provide us extremely valuable
information in a convenient way. Then it is our task
to extract the valuable data from this received
information.

Il METHODOLOGY

In the proposed researched attempt is made to

overcome the above deficiencies by evolving a

systematic methodology explained.

1. Select an area of interest and gather the satellite
image for this region. The area based items will be
recognized utilizing picture handling strategy.
Image cluster of comparative pixels qualities can
be framed by C-mean calculation in the
accompanying steps.

2. Having framed the image clusters in above steps,
the region of the rural area will be evaluated. The
dirt sort can be recognized which will help in
assessing the farming yield of the locale of
interest. This progression will require utilization of
fluffy neural system connected to image
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processing. This strategy can likewise be utilized
for distinguishing the ailment contaminating the
yield.

3. A agriculture model of exactness farming will be
produced with inputs like area range, watering
system, barometrical conditions, and soil
conditions. The model would gauge the product
yield and contrasts it and target and criticism the
error to the model information. This works in an
iterative way till a met arrangement is acquired.

total cultivated area

H

Yield of Crops

Seeding/ area

Fertiizer Agiculture
Irrigation

Pestisites

Transport for
Crops and Vegetables

Machine Yield of Vegetables

Tools

machines

Human Power

|

Transport

Atmosphere

\

Controller

Figure 1 Agriculture model

11 DISCUSSION

Analysis of the Multi Spectral Image Using ANN:

Step 1 Assembling the Training Data: We have
gotten the image of the Bareilly Ramganga area as
appeared in the figure 4.8 and by utilizing the Data
Cursor apparatus as a part of the MATLAB we have
acquired the R-G-B segments of the pixels which best
speak to the distinctive components of the image like
the River and Water Bodies, the Concrete Structures,
the Roads and the Vegetation shown in figure below

Features R G B

River and | 120 059 | 056
Water Bodil 128 | 049 | 052
131 051 | 060
136 081 | 076
142 052 | 058
151 104 | 096
Concrete 172 093 088
181 059 | 074
186 074 | 088
197 098 | 104
154 049 | 064
163 052 | 068

Structures
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Roads 169 096 | 087
172 074 | 089
178 062 | 073
224 086 | 101
Vegetation [ 229 | 119 | 130
230 096 | 105
234 082 | 095
240 104 | 114
Figure 2 Few of Pixels representing different Features

Figure 3 Original image of Bareilly [National
remote sensing Agency]
Accordingly we got R-G-B estimations of right around
100 pixels and these qualities might be shaped to frame
a 3X100 framework as in figure 3

-

R: 120 128 131 136 142 151 172 181 186 197 154 163 169 172...
G: 059 049 051 081 052 104 093 059 074 098 049 052 096 074....
B: 056 052 060 076 058 096 088 074 088 104 064 068 087 089....

Figure 4 The Matrix of Input Pixels

Step 2 Create the Network Object:

Presently we characterize the system and indicate its
elements like no. of neurons, rangee of the estimations
of the info neurons, no. of layers and so on and indicate
the info and target grids. In target grid, there is a specific
shading for the specific component to create the FCC.

R: 0.0 000000060606 0600000000 0.0 0000 00....
G: 070707070000 000000000000 0.0000.000....
B: 00 0.0 0.0 0.0 00 0.0 0.0 00 0.8 08 08 0.8 0.0 0.0 0.0 0.0....

Figure 5 The Matrix of Target FCC

Presently begins the preparation of the system and the
weights are doled out consequently. Since, the info and
yield are as of now characterized; the weights for every
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information yield pair can be produced. In this way, the
progression 2 makes it to meet the necessity of the
mapping relationship between the info and the objective.
Step 3 Simulate the Network Response for Whole the
Image:

Presently, as we have gotten the capacity speaking to the
connection between the information and the objective,
we are prepared to create a subsequent framework
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ISSN: 0193-4120 Page No. 15727 - 15742

relating to the last FCC of the given image.
However, before we mimic the

image with the
assistance of given system of neurons, we are to change

Figure 7 (a) Grayscale Image (b) Averaged
Component

over the 3-dimensional grid of measurements '512 X 518tep 2:- After we have the grayscale image, we
X 3' relating to the multi ghostly image into a 3apply the averaging and differencing calculation of
dimensional framework of measurements '3 X 512X51%he discrete wavelet change on the multi phantom

i.e. '3 X 262144,

Presently this changed over type of the multi
otherworldly image connected to neural system for
the recreation. After the reproduction, what we get
as the outcome is again a 2-dimensional grid of the
same measurements '3 X 26212144', which is again
to be changed over into the 3-dimensional
framework of measurements which speaks to the
FCC relating to the given multi otherworldly image.

Figure 6 FCClmage of the Multi Spectral image
Analysis of the Multi Spectral Image Using DWT

Step 1:- In the initial step we get the multispectral
image and change over it into the grayscale image as
in figure 7a to apply the DWT algorithm on the
image.

Published by: The Mattingley Publishing Co., Inc.

image and dissect the arrived at the midpoint of
segment of this multispectral image, as appeared in
the figure 7b.

This Averaged component of the image is
considered as the original image and the DWT
algorithm is again applied on this averaged
component. Among the resulting components the
averaged component is again analyzed. This process
of calculating DWT is repeated four to five times
and each averaged component is analyzed for the
presence of the pixels representing the
corresponding features.

Step 3:- Now as we have obtained the fifth averaged
component of the multi spectral image, the inverse
process is to be undergone. In this process of
calculating inverse DWT, the four resulting
components of the input image are considered to be
the input of the inverse filter.

After we apply the four components averaged,
vertical, horizontal and diagonal, we get the earlier
averaged component of the image. And after
repeating this inverse filtering process what we get
as the result is the original multi spectral image.

Step 4:- Now, we finalize our study by analyzing all
the averaged components and try to check out the
features of the multispectral image. What turned out
to be our result of the DWT analysis is that shown in
the figure.

15730



"TIEST

Engineering & Management

Analysis Of The Multi Spectral Image Using
(DCT)

Step 1:- In the initial step we get the multispectral
image and change over it into the grayscale image.

Step 2:- After achieving gray scale image, we apply
the DCT algorithm on this grayscale image and get
the DCT coefficients of the multi spectral image,
shown in the figure 8.

Figure 8 DCT Coefficients Image and Compressed
matrix of the DCT Coefficients

Step 3:- Now, that we have obtained the DCT
coefficient matrix, we can go for scaling these
coefficients, and can get a smaller matrix as shown
hereunder.

Step 4:- If we desire to get the original image back
from the coefficients, the inverse DCT algorithm
will be employed. Here if the image containing all
the coefficients is used then what we get as result is
the uncompressed all the same original grayscale
image. But if we use the smaller coefficients matrix
then we get a compressed grayscale image of the
original image which is given herein figure.

Published by: The Mattingley Publishing Co., Inc.
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Figure 9 Compressed Images Obtained from the
Smaller Coefficient Matrix

The analysis of this compressed image shows that
the pixels representing the vegetations in the multi
spectral image are not as clear, but the pixels
representing the water bodies and the concrete
structure are quite revealing.

Analysis of The Multi Spectral Image Using
NDVI

Step 1:- Colour image received by us has the
components known as RGB where R stands for near
Infrared band, G stands for Red band and B stands
for Green band.

Step 2:-In the wake of getting the images of the
distinctive groups now our point is to discover the
NDVI estimations of the given image NDVI = (NIR
— RED)/(NIR + RED) By utilizing the MATLAB we
got the NDVI estimations of every pixel lastly we
got image as appeared in the figure 4.36

The estimations of NDVI are in the scope of - 1 to
+1.For making the image we have changed over this
reach to 0 to 200; as NDVI image value = (NDVI
value +1)*100;

Figure 10 NDVI image
Step 3;-Construction of the false color composite:
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Figure 11 False Color Composite of Multi Spectral
Image

Analysis of the Multi Spectral Image Using FCM:
Step 1: In the initial step we get the multispectral
image and change over it into the twofold image to
apply the FCM calculation on the image.

Step 2: After we have the twofold image, we apply
the nir, red and green band images calculation of the
FCM on the multi phantom image and break down
the arrived at the midpoint of segment of this
multispectral image

Step 3: Now as we have gotten the orchestrate
information in a network part of the multi
otherworldly image, utilizing "reshape” capacity.
Step 4: After getting the images of the diverse
groups and reshape the image now our point is to
discover the bunch estimations of FCM of the given
image [CTR,CLASS]=FCM(DATA,4);

By utilizing the MATLAB we got the bunch
estimations of every pixel lastly we got the image.
The estimations of group of FCM are in the scope of
0to +1.

Step 5: Now we ascertain the reshape of class
information utilizing reshape capacity.

Step 6: Next point in the wake of getting the FCM
image was to get the grouped images of the area,
keeping in mind the end goal to get the these images
we played out the ground review at different spots of
the city and taken the best possible longitude and
scope estimations of the overview district from
Google earth, and with the assistance of that we
recognized the study areas into the multi phantom
images. By the assistance of the ground review |

Published by: The Mattingley Publishing Co., Inc.

January-February 2020
ISSN: 0193-4120 Page No. 15727 - 15742

found the particular scope of the FCM for every

article.

1. For the vegetation, | found the FCM vales are in
the middle of 0 and 1, the grouping of the
vegetation is in the scope of the 0.01 to 0.1:

(fcm(m,n)<0.1) and (fcm(m,n)>=0.01)

2. For the thick structures, | found the FCM vales
are in the scope of between 0.1 to 0.2:
(fcm(m,n)<=0.2) and (fcm(m,n)>=0.1)

3. For the streets, | found the FCM vales are in the
scope of somewhere around 1 and 0:

(fcm(m,n)<1.0)
(fcm(m,n)>=0.5)|((nir(m,n)<0.79)
(nir(m,n)>0.7))

4. For the water, | found the FCM vales are in the
scope of somewhere around 1 and 0:
(fcm(m,n)<0.225) and (fcm(m,n)>0.2)

5. For the powerless structure, I found the FCM
vales are in the scope of somewhere around 1
and O:

(fcm(m,n)<0.5) and (fcm(m,n)>=0.225)

6. For the area, | found the FCM vales are in the
scope of somewhere around 1 and 0:
(fcm(m,n)<0.01)

and
and

Results for Images after Applying Different
Algorithms:
1 Images for Bareilly:
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ORIGINAL IMAGE ANN FCC IMAGE 3 Images for Hyderabad:

ORIGINAL IMAGE ANN FCC IMAGE
O

e
N

NEUROFUZZY FCC

Figure 12 Images of Bareilly using different

algorithms _ S
Figure 14 Images of Hyderabad using different

2 Images for Bhopal : algorithms

ORIGINAL IMAGE ANNFCCIMAGE

4 Images for Haridwar:

ORIGINAL IMAGE ANN FCC IMAGE

FCMIMAGE NEUROFUZZY FCC
NEUROFUZZY FCC

FCMIMAGE

4

Figure 13 Images of Bhopal using different

) Figure 15 Images of Haridwar using different
algorithms

algorithms

Published by: The Mattingley Publishing Co., Inc. 15733



"TIEST

Engineering & Management

5 Images For Imphal:
ORIGINAL IMAGE

ANNFCCIMAGE

FCMIMAGE

Figure 16 Images of Imphal using different
algorithms

6 Images for Jamnagar:

ORIGINAL IMAGE ANNFCCIMAGE

NEURO FUZZY FCC
R

Figure 17 Images of Jamnagar using different
algorithms
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7 Images for Shimla:

CALCULATION OF

ANNFCC IMAGE

ORIGINAL IMAGE

NEURO FUZZY FCC

?.‘

Figure 18 Images of Shimla using different
algorithms

ONE PIXEL IN

KILOMETERSLISS-1V SENSOR

>

>

>
>

One camera every channel and there are three
channels VIS/NIR radiometer

There are 4096 pixel/line per camera; swath 23.9
km if the three cameras are utilized for every
channel (accordingly multi-unearthly), or 70 km
in the event that all cameras are utilized for
survey parallel strips as a part of the same
channel (in this way panchromatic).

Cross-track guiding ability + 26° for stereoscopy
in the middle of circles and worldwide scope in
24 days, in sunshine. 5 days for an objective
zone by utilizing cross-track indicating.

Then for one channel=23.9km

Value of one pixel by estimation gets to be
= (23.9*23.9)/(512*512) km? = 0.0022 km?

Agriculture is science and art for practicing farming
which including harvesting crops, soil cultivation,
livestock rising, plants, animals and other useful
products production, useful for survival of human
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being. Agriculture area contains the region having
homogeneity related to help, climate conditions,
cultivating practices, crop yield etc. (Caswell, J.A.
2013)

Agriculture proved as back bone related to Indian
economy from the centuries and at present around
70% of population depends upon agriculture directly
or indirectly. Agriculture fulfills the basic needs
related to the humans as well as different living
organisms. Agriculture raw material is supplied to
many industries. Agriculture takes place in plain
areas, ripeness in soil, long season and huge change
in climate condition etc. The conditions of Indian
continent are most suitable for agriculture as it
provides several favorable conditions. Despite the
topographical conditions in extreme, India is
involved constantly in inventive works with
exploration, innovation and science in the field of
more yield creation.

IV PRECISION AGRICULTURE

The ability of precision agriculture from biological
and financial point of view planned with declined
water use, chemicals, pesticides and herbicides other
than farmhouse devices. Precision developing
methodology is opposite to regulating the field basis
upon the typical theoretical condition, as it observes
complexities related to specific site in fields and
controls practices of organization if necessary.
Precision agriculture streamlines and performs the
collection as well as examination of the information.
It suggests administration in decision making in
shorter time frame for larger fields. (Rahul Tripathi,
2012)

Technologies used in Precision Agriculture

From the point of view to end result for gathering
and utilizing data precisely, it is necessary having
past consideration of Precision Agriculture
combined with current accessible innovative
hardware. The instruments combined equipment,
programming and best management exercise. These
are shown in the below table 5.6 (Zhangyin Li and
Zhangrui Ling, 2007)
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Sr. | Technologi Activities

No. |es

1. | Mapping The plotting of maps for

yield and soil properties
is vital and is early on
step in exactness
agribusiness.

2. | Global Overall Positioning
Positioning | System satellites
System transmits EM wave that
(GPS) license GPS gatherers to

find their range.

3. | Yield In exceptionally
monitoring | progressed  motorized
and frameworks, a grain
mapping yield screen reliably

gives the data of grain in
the spotless grain lift of
a solidification.

4. | Grid soil Soil test from self-
sampling assertive regions from
and field are sent to an
variable- examination place for
rate testing. Network soil
fertilizer looking at uses the same
(VRT) measures of soil
application | reviewing yet fabricates

the power of inspecting.

5. | Remote Remote detecting is
sensing collection of data from a

detachment. Information
Sensors can
fundamentally be
mounted on air art or
satellite-based.
Remotely detecting data
gives a mechanical
assembly to evaluating
information about
harvest wellbeing.

6. | Geographic | Geographic information
information | structures (GIS) are
systems Computer gear and
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(GIS) programming that usage
highlight ascribes and
zone data to make maps.
Each homestead
introduces an interesting

administration issue.

7. | Quantifyin
gon Farm
Variability

8. Soil
Variation

Soil assortment is a
spatial variable. Water-
holding breaking point
or characteristic matter
assortment, close by
geology, gives even an
all  the additionally
entrancing viewpoint of
a field in which a creator
spots inputs or irritates
the dirt.

It is dug in truth that dirt
water content in a field
changes after some time
and range and this
transient and  spatial
variability in soil water
content illustrations may
have critical
implications for
Precision  Agriculture
when all is said in done
and water administration
particularly. generation
proficiency.

Table Showing Technologies used in Precision
Agriculture

9. | Variability
of Soil
Water
Content

Different opportunities will take place in picture
related to strategy of Precision Agriculture. Devices
and instruments will be used for application of
composts, seeds and chemicals in different manner
in the field getting the expected yield from the field.
Remote sensing developments will enable us for
assessment the development in the field throughout
the season without physically going to the fields.
The future of Agriculture will depend upon the
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ability of investigator for carried out such studies,
with agreement of agriculturist and biological groups
for the global benefit and gaining adequate
agriculture yield. (Francis J. Penetrate and Peter
Nowak 1999)

Agriculture Architectural Model

In this research Remote sensing data is extracted for
analysis the productivity of lands of India’s certain
regions. It is found that land’s productivity depends
on lot of, certain and dominant factors, which we
include in our research work. We are able for
explanation to the production cost of an area and
agriculture’s net  Profit, using analysis of
productivity related to land extracting different data
for input and its related output. Most favorable
combination may be predicted for inputs for a region
of land in hectare. This result may be taken as
reference and used for increasing the land’s
productivity.

Controller

Figure 19 System Model to determine agriculture

yield
For the developments of crops in ideal manner,
farmers are required to know about the

developments of yields in a region, planning for seed
quality improvement relative to climate and local
problems and consideration of natural impact upon
seed planting. For example if we are planting a field
which is close to stream, the choice of seed which
requires less compost will be best as it contaminate
less. After the plantation of seeds, improvements in
the quality of soil for growing harvests are time
bound and climate dependent. If large amount of
precipitation is expected in next days, there is a
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choice for delay in preparing of soil to stop escape.
The idea of possibility of rain may enable us the
choice for opportunity for ideal watering system. As
70% hard water is used in farming, hence the
planning in this area may change to new water
supply at global label. Climate has the impact upon
the crops development and transportation for carry
out it. For example in the case of sugar cane
collection, soil is expected to be dry for boosting the
good reaping. In the case if it is sticky and wet soil,
the crops will be destroyed using hardware. With the
knowledge of the climate and the fields, relatively
better choices may be adopted well in time. Hence
pre examination work is required by advancing the
required information parameters for agriculture.

Modeling parameter

There are 15 types of input parameters used in this
agriculture model, as given below:

S.No [Parameters |S.No | Parameters

1 |Man Power 9 Relative

humidity of land

2 [TypeofLand | 10 | Solar energy

3 [Total amount | 11 | Wind
of fertilizer

4 Pesticides 12 | pH of land
needed

5 [Seed amount | 13 | Fencing

6 [lrrigation 14 | Rainfall
needed

7 [Technology 15 | Quality of

minerals

8 [Temperature

Optimized graph
The final graph that indicates the effect of all the
parameters on the yield is shown below.
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600 Optimized graph
4500
4400

4300

yield{hectare)

4200

4100

4000
=50 [4] 50 100 150 200 250 300

modelling parameters

Figure 20 Graph between modeling parameters vs.
yield

After solving all equations obtained from different
graphs we get the following equation:

Y=-0.8a-6.67b-0.103c-13.33d-0.267e-0.84f-1.69-

1.1053h-1.6i-106.67j-13.33k+1.671-3.33m+0.067n-

3.330+4503468 ... 5.1

The above equation is the approx. optimized

equation.

Where a= Man power; b=Land; c=Fertilizers;

d=Pesticides; e=Seeds; f=Irrigation; g=Technology;

h=Temperature; i=Relative humidity; j=Solar

radiation; k=Wind velocity; I=pH; m=Fencing;

n=Rainfall; o=Minerals

Now, substituting the optimized value of all the

modeling parameters

We have. Y= 4060.489

» This is the maximum yield obtained from graphs.

» But the value of maximum yield obtained from
optimized value is: Y=4482

» Hence the percentage error
4482)/4482}*100 = + -9.4%

={(4060.489-

» Total vegetation pixels = 108956 pixels
» Area covered by one pixel = 2200 square meter
» So Total vegetation area = 108956*2200
= 239703200 square meter = 23970.32
Hectare
» Maximum Yield per Hectare = 4482Kg or 44
Quintal
» So Total vyield = 23970.32*44 =

1054694.08Quintal = 10546940.8 Ton

As we can see, any nation/region may be modeled
related to production of any crop using these
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methods which may be helpful for decision makers
or researchers for making an understanding of the
extent and status related to field and crop
management, soils and climate. Method used for the
analysis of the productivity of Land has a lot of
advantage to improve the productivity of Land of
certain region by adopting certain combination of
Inputs and suitable Technology for that Land.

V CONCLUSION

In this Research, we have used Remote sensing
application for species recognition and spatial
information. Training samples preparation choice is
made based upon prior assumptions for the land
cover regions. Suitable classifier for the training
samples is applied for classification of land covers
related to an image. It involved the use of different
multispectral images of remote sensing from IRSA.
Also an image of synthetic type is used for
supporting our results though the classification of
remote sense data. Our results may not concluded
relative for any species, if we supervise the results of
different algorithms e.g. NDVI, DWT and DCT
applied upon multispectral image, which is able to
provide outline only. The errors in classification are
minimized using algorithms e.g. Fuzzy C-means,
FCM and Artificial Neural Network, ANN as they
include Artificial intelligence. ANN and FCM have
convincing results as compare to NDVI, DWT and
DCT. Further research shows that combining both
the algorithms ANN and FCM, known as NEURO
FUZZY SYSTEM, NFS, provides more convincing
results with respect to previous one if all the pixels
are trained in much efficient way. The results may
be used in calculation of concrete structure,
vegetation etc.

We have used Bareilly region for model of
expectation for product yield, which may be shift to
other regions marginally. The results of our
calculated yield are much efficient as compared to
real yield upon the grounds fundamentally, hence
this model related to farming, is able to supply
endlessly of different parameters. We can forecast
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the agriculture yield using this model which is
created through this research.

Let us illustrate a normal yield of agribusiness in
India which is 2961 kg/ha which is lower in the light
of average yield at global level to 3851 kg/ha. Hence
research in agriculture model should be able to do
increment for the farmers in India as enhancing the
yield in production using this model is 4482 kg/ha
which is 51% increment to normal Indian yield.
Hence our model is capable to increase the yield of
agriculture for not only in India but through the
globe.

Agriculture sector’s development is depends upon
the analysts capacity leading this type of research,
from the ecological and farmers communities which
progress the environment and farming yield.
Precision agriculture is able to provide a stage for
modern corporate and may extent social exercises
which further help our country India to increase the
employment through cultivation of cutting edge.
Government of India may encourage this procedure
by providing advance technologies and concessions
for small business having a goal of occupation of
precision agriculture exercises. This cutting edge
precision agriculture is able to carry out next green
revolution in India and May made this large country
wealthy by naturally and feasibly stable method.
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